
3/3 : Zero-order methods

-unouncements :1
- HW2 due Thurs (315)

survey next week- mid term
- HW 3 out Monday (3/9)
Last Time :
-

- convexity
- Sequential EPs

Today :-
w/o gradients- optimizing

- methodcross-entropy
evolutL strategiesLinary
- evolutiondifferential
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Summary !
-

noise1. For non-convex functions , injecting
better local optimacan help find

2. Stochastic 1 ike CEMmethods

pose opt as min [f(>2)]#
& -
x=po

3. other methods come of few3 onpopulat
guarantees but explore effectively


